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• Supervised learning
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• Applications

- A rich model with a convex training loss
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Constraints learning

(Ke et al., ICML 2025) 
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• Data-driven decision-making

• Inverse optimization

• Applications

- A competition for Neural Networks !?
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Model Predictive Control (MPC)
Lab helicopter

36 parameters

Optimizer 
learning

Value function 
learning
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MuJoCo Environments
MuJoCo

# Parameters Training 
dataset Scores

Neural 
Network 2,489,949 1M 82.9

Inverse 
Optimization 840 5k 70.6
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